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Abstract: (52 ]

AR AR ST

This paper illustrates a wind power forecasting model based on back propagation artificial neural network (BP-ANN), b RERIL

considering the requirement of power output pre-forecasting of wind farm in economic dispatch both in time and accuarcy. bR
Considering the relation of historical prediction error and future prediction error, an error forecasting model is developed sy

based on artificial neural network (ANN). Simulation results show that the prediction error can follow the variation tendency b= XA

of the error of pre-forecasting model, so considering the requirement of economical dispatch to output power prediction bR 2R

accuracy, a wind farm power prediction model is constructed to modify the short-term wind output power prediction. The PubMed
further experimental results show that the prediction-modification model is effective. b Article by Yuan,T.J

F Article by Chao,q

F Article by Li,X.Y

b Article by Tu,M.X..?Y.B.L
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