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Modified SVM in the estimation of density function

PENG Xin-jun, HU Guang-hua

Department of Mathematics, Yunnan University, Kunming 650091, China

o fHE
« BHIR
o MISCE

4:3: PDF (643 KB) HTML (KB) #iili: BibTeX | EndNote (RIS) i3t %kl

B P B A SR, S T R LS [ BEHL(SupportVectorMachines, i ic s SVM) i ik, 5 IESVMIL 1 %
PESVM5 VRO FREAT (] 30 800 175 0, A A A O ER KR TP o IR RE A L 2 AR /N S 008 SRR A 8

I 25— S I £ 1 S 410 6 B 5 A ) 2 3 B S D B85 1 0 B 48 AR A S, S 6

BB R T IE AR AR FEE — 519 0, S i — R0 56, MR B TESVMIK LR P SVMILIEAT 85 1 o6 Bt - S 473

S BEEAE CRFREL BESVM W S

b AR SRS A
bR AL

b OMANGE BEA

F E-mail Alert

} RSS
Abstract: A modified Support Vector Machines (Modified SVM) for non-parametric estimation of density

function,which is a modified version of Support Vector Machines (SVM) for non-parametric estimation of density

P R

function,is discussed.This procedure is based on the prior knowledge that the probability of any event decides
the number of samples which indicate the happening of that event in probability theory,specifically,the larger b
probability of an event,the more number of samples which imply the happening of that event.A better outcome is

obtained by Modified SVM than that by SVM in the simulation.What’ s more,since the problem of the estimation

of density function is ill-posed,the regularization method is adopted.
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