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Introduction

The Mational Basketball Association (WMBAY is a multimillion-
deollar  professional sport business. The wvalue of team
franchises has grown dramatically since David Stern became
NBA commissionsr in 1084, That season, the average team
value was around $1g million (Smith, 2oog). The figure had
risen to arcund $ooo million by zoog (Smith, 2o0o03). The
increased revenuses in the game have led to higher player
salaries, which mean more pressure on individual players to
parform. The business nature of basketball has put a premium
on the salaction of players and on the process—an impracise
acience—that goes into  selection. Owners and general
managers are desiring to operate their teams according to
corporate models, by controlling escalating plaver salaries



[oandoval, 2ood). Front-oce exacutives want to reducs the
rizk of bad draft picks and owverpaid free agents (Sandowval,
zooT.

Given the financial structure and business nature of the gams,
how do general managers and owners measure and evaluate a
player’s potantial for suceess? Additionally, how do they make
perscnnel decisions in a league in which the stakes are so high
that one bad decision can make for disaster in the form of
millions of dollars lost? One important aspect of building a
champicnship MBA  tearn i= how the general manager
constructs the team roster. It is expected that the general
managar will attempt to acquire the most talented players
when building a team (Staw & Hoang, 1gog). How to
accomplish thiz iz the problem that owners and general
managars continually face. Barri (1000) stated that, “[W]ithout
an answer, one is unable to ascertain who should play, what
free agents should be pursued, or what trades should be
consummated” (p. 4110,

In the current era of professional basketball, with the average
playar salary reaching owver $g5 million, owners want to
operate their businesses more efficiently by controlling costs
and risks (Sandowval, zoog). The goal iz to reduce the number
of bad draft picks and awvoid signing the least productive
players (Sandoval, zoo).

The evaluation of potential playing talent is a difficult task
(Berri #& Brook, 1oo99). In professional basketball, using
selected statistical wariables to measure a player's prospective
suceess is considered an important part of the player
avaluation process (Berri & Brook, 10000, Assembling players
who produce at statistically high levels may ultimately
improve a tearn. Berri (10000 identified a link betweaen player
statistics and team wins. The NBA draft is one of the primary
methods by which teams acquire talent. Staw & Hoang (1095)
found that the order in which players were drafted correlatad
with their playing time and the length of their careers.

The MB& draft’s importance becomes even clearer when cne
considers how the draft inevitably represents a set of lost
cpportunities (Staw & Hoang, 1995l In sslecting any one
particular player, a team may be passing over the next all-star
or superstar player (Staw & Hoang, 19o05). The NBA draft is
thus very risky (Amico, 2oo1). History has shown that the
projection of player development is not a precise science, and
that teams may be in need of effective evaluative methods
when scouting talent (Amico, zoo1). The risks of the draft
ware made widaly known by the Portland Trail Blazers when,
in 1584, that team anticipated greater benefits from signing
Sam Bowia than from signing Michasl Jordan. And in the same
draft, Dallas selected Sam Perkine and Terrance Stansbury
instead of Auburn University’s Charles Barkley and Gonzaga
University’s John Stockton (Staw & Hoang, 1905). Selection of
the right players through the NBA draft is important (Staw &
Hoang, 1905).

The MB&A draft used to require relativaely little work or
resources (Shouler, Eyan, Koppett, & Bellotti, 2004). Teams



had small seouting staffs to evaluate college players, yet by
the time the draft came arcund, every team knew who the best
plavars ware and which cnes they wanted to draft (Shouler at
al., zood). 4s basketball became more of a business, general
managers, owners, and team presidents had to changs their
approach. Even as the process changed, however, the goal
stayed the same (Popper, 2oodq). It is to improve the team
through selection of the best, most waluable player available
at the time a team is making a selection (Popper, 2ood).

Each MBA team has a player personnel staff that spends most
of its time searching cut less obwious candidates for the draft
(Molff, 2001). These scouts identify prospective players by
attending games, analyzing game films, or both, When NBA
scouts observe players in person, they typically use
subjective evaluation based on detailed information they gain
in eight areas of basketball: physical characteristics, mental
characteristics, ball skills, offense, rebounding, defense,
knowledge, strengths, and weaknessss (Wolff, zoo1).

Currently, there iz no known research that looks to pre-carasr
statistical data to determine longevity of NBA play (although,
again, MNBA experts view potential career longevity as an
important factor characterizing NBA  draft  prospects,
according to Amico, 2oo1). Those studies that are available
did not examine relaticnships betwesan predictor variables
and career longevity. According to Oliver (zoog), the value of
individual WBA players can be assessed using traditional
statistical categories. Previous studies looked at the statistics
for WBA players recorded during their play in the league; they
sought to identify alternative methods of evaluating talent
{Ballard, zoog). The success of the MBA players was measurad
using the traditional statistical categories (points, rebounds,
field goals attempted, field goals made, etel) (Ballard, 2oog).
Thus while most of these studies cbtained traditicnal player
statistics, they did not go on to lock for relationships batweaen
those statistics and the players’ career longevity (i.e., number
of seascns in the MBA). Some research, however, indicates
that there is a positive relationship batweaen traditional player
statistics and the length of NBA plavers careers (Staw &
Hoang, 1905).

Major League Baseball was the first league to expariment with
statistical predictor models. Specifically, the Oakland
Athletics’ genaral manager began to avaluate talent primarily
by looking at player statistics, and he both drafted players and
acquired free agents based on thiz neontraditional metheod
(Lewis, 2o0d). This method of evaluation becarne known as
the money ball theory, reflecting its capacity to identify
productive players available at below-market walue, whom
traditicnal scouting methods would not view as commeodities
(Lewis, 2o003). Money ball theory has proved a sucecess for the
Oakland Athletics and for another team that uses statistical
methods to evaluate talent: the Boston Red Sox.

The reascning underlying the use of player statistics in
professicnal baseball is rooted in the idea that college players
generate meaninghil statistics (Lewis, zoog). College players
play more games than high school players, and the level of



competition is enhanced at the collegiate lavel as opposad to
the high schocl leveal (Lewis, 2oo3). Collegiate statistics, then,
reflact a sample size large encugh to accurately picture the
underlying reality (Lewis, zoos). Projecting the ongoing
suceess of college players is thus easisr than making such
projections for high school players (Lewis, zoos).

The statistics that can be garnered from college play enable
baseball executives and scouts to see past all kinds of wisual
scouting prejudices (Lewis, zooq), Indeed, it has been argued
that what iz most important about a baseball player is not the
playvar’s character but the picture drawn by his statistics
(Lewis, 20o0m).The belief of experts who employ predictor
statistics in baseball is that a player “is” what he has already
done, not what he looks like or might become (Lewis, 2003, It
ig a belief that runs counter to the thinking of the traditional
baseball scout, to whom what matters is what the scout can
envision the player doing (Lewis, =oo=).

The concept of statistical analysis of talent in baseball was
brought to bear on efforts to make the devalopment of players
more efficient. As Lewis (2ooq) stated, the statistics used to
avaluate baseball players were probably far more accurate
than anything used to measure the value of pecple who didn’t
play baseball for a living. Adding a statistical modsl to
traditional seouting and playver evaluation methods can better
inform owners and general managers about talent, permitting
them to identify skill sets related to career longevity. In
basketball, too, better gauging of players’ potential success
may lead to a more efficient process of putting togather an
MBA team roster.

MMeathod

The purpose of the study was to identify the relaticnship
batwaen selected pre-MBA carear statistical wariables and
MNBA players’ caresr longewity (measured as the number of
seasons in the MBA). Specifically, the following two questions
ware addressed:

1. Can 1 or more of the 11 traditional player statistics,
recordsed during the vear precading entry into the MBA,
pradict the career longswity of NBA guards, WNBA
forwards, and MBA canters?

2. Can 1 or more of the 11 traditional player statistics,
recorded during the = years preceding entry into the
NBA, predict the career longevity of NBA guards, HBA
forwards, and MB& centers?

The study questicns were built around 1-year and =-
vaar collegiate statistics on the assumption that
performance during these specific pericds is the best
indicator of NBA potential. This iz assumed because,
statistically speaking, it is during these pericds that
college players who subsequently entered the NBA
plaved their best collagiate seasons.

Data Collaction



For this study, the researcher measured collegiate
statistics for the following 11 areas of basketball: points,
rebounds, assists, steals, blocks, field goal parcentage,
free throw percentage, fouls, 3 point percentage,
minutes played, and turnovers. In o areas, the totals
ware used; for field goal percentage, free throw
parcentage, and 5 point percentage, howewver, raw
percentages were used rather than totals, since
percentages  provids  better analysis of shooting
acouracy. The study evaluated minutes played rather
than games played, because use of the two is linsarly
correlated; added together, both supply no better
information than is obtained by ewaluating only
minutes played. The decision to use these particular
gtatistics in this study was informed by the history,
within professicnal basketball, of the use of the
statistics. Dating back to the 1940 merger of the
Basketball Association of America and Mational
Basketball League that formed the NBA, this set of
plaver statistics has been the primary method of
analyzing the game (Lahman, zoo4).

The particular statistice chosen for the present study’s
multiple regressicns were based on the history of
plavers’ statistical production at the positicn of guard,
of forward, and of center. Historical statistical
production by guards, forwards, and centers in the 11
basketball activities thus provided the basis for the
present analysis. Ower the history of basketball, the
playvers occupying the three positions produced
proficiently in those statistical areas which the prasent
etudy has associated with each position, as follows: (a)
guards—field goal percentage, 3 point percentage, free
throw percentage, assists, steals, turnowvers, points,
personal fouls, and minutes played; (b) forwards—
rebounds, 5 point percentage, points, fres throw
percentage, steals, blocks, field goal percentage,
turncvears, personal fouls, assists, and minutes played;
and (¢} centers—rebounds, fres throw percentage, fisld
goal percentage, blocks, perscnal fouls, turnovers,
points, and minutes playead.

The statistics themselves were obtained from an
unofficial professional and collegiate basketball website,
Databaze Basketball {located at
http:/ fwww.databasebasketball.com). Database
Basketball is a primary Internet rescurcs for gatharing
players’ statistical data at both lewels. It houses
information on all college plavers who played in the
MNBA and on those who were NBA draft picks. The
website also provided for the study the total number of
plavers playing in the NBA from 1087-88 to 2oo1-0z.
The study emploved the collegiate statistics from the
vaar immeadiately preceding a study participant’s entry
into the WBA.

Participants
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the MBA during or after the 1087-88 and ended their
playing carears with the 20o01-02 season or earlier; the
study axcluded players who entered the NBA directly
from high school, directly from junior college, or from
an owverseas leagus. The sample was furthermors limitad
to WBA athletes who had played at NCA4A member
institutions for at least two seasons. The time frame
1087-88 to zoo1-o2 was desmed recent snough to be
relevant to the present; it also included encugh time to
obtain a representative number of players for study.
Beyond the specified time frame and the exclusion of
plavars lacking an MNCAA  collegiate record or
transferring from overseas leagues, study participants
had to have plaved in at least one MBA game. Those
plavers who entared in the 1087-1088 season weare the
most relevant sampls, bacausse of changes marked that
season in both the WBA style of play and its draft
structure. The latter change led NBA general managers
to try new and different draft strategies than in years
past.

Diesign and Analysis

The data were analyzed using 5P55 (Version 1z.0). A
multiple linear regression analysis was conducted
involving the dependant variable, career longevity, and
=z or more of the 11 criterion wvariables. Multiple
regressicn analysis was used in order to find the
variable or combination of variables yielding the most
accurate prediction of WBA career longewity (Thomas &
Melson, zooi1). Multiple regression analysis made it
possible to combine the wariables from collegiate
statistics to produce optimal assessment of their
relationship with the independent variable, B4 carear
longevity (Allison, 1090). Alpha level for the analyses
was setat p = o.oo.

Six multiple regressions were conducted to assess the
relationship  between pre-MBA  caresr statistical
variables and NBA career longewity. Each of the
regressions conducted was based on player position,
with guard, forward, and center positions being
analyzed. In thres regrassions (one per position), the =-
vear collegiate statistics (statistics for the two college
seasons immeadiately prior to the player’s entering the
MBA) constituted the independent wariables; in the
remaining three regressions (one per position), the 1-
vaar collegiate statistics (statistics for the college
season immediately preceding NBA entry) constituted
the independent wariables. Career longewity (i.e.,
number of seasons in the MNBAY was the outcome
variable in all of the regression analyses.

Eezults

Of the qz0 NBA players included in this study, 139 wera
listed as guards, 142 were forwards, and 5q were
canters. The average length of their NBA careers was

a4 0y Aammmmtrm FT — A &40
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1-Year Statistics

A significant (p = .og) overall regression was found for
guards during analysis of the 1-vear statistics (F =
3.218), with an B of .437. The individual statistics
measuring assists, turnowvers, and points had significant
beata soores (Tabla 17,

Table 1

Summary of Regression Analysis for one-year statistics
for guards prior to entry into the
MEA.

4]

POINT 0.000410% 003 .3%86

PF -0.01436 020 -.065
MIN 0.00006548 000 -.015
*Do=.0g

4 significant (p = .o5) overall regression was also found
for the MBA forwards during analysis of the i-year
statistics (F = =.531), with an B of .440. Figld goal
percentage, free throw percentage, and assistz had
significant beta scores within the equation (Table =),
For the i-year totals for the center position, neither
ovarall significance nor significant beta scores wera
found.

Table =

Summary of Regrassion Analysis for one-vear statistics
for forwards pricr to antry into the NBA.

0006540 006 130

MO e 1




TURM -0.01215 020 -.073

FPF -0.006445 021 -0.33

ASST 0.03073* ld o

MIN -0.002766 002 -.143
*D =06,

z-Year Btatistics

In the three multiple regressicns run using the o-year
statistics (combined totals), a significant (p = .og)
owerall regression was found for guards (F = 3.7048),
with an R of .q62. Assists, steals, turnovers, and points
genarated significant scores during the analysis (Tablae

3
Table 5

Summary of Regression Analysis for two-year statistics
for guards prior to entry into the BA.

Coafficients Table

PF oooiodr . a1l oG
T 0.0001264 000 031
*o =00,

Though ne significant overall regression was found for
the MBA forwards, cut of all the independent variables,
field goal percentage, free throw percentage, and assists
showed a significant relationship with career longevity
{Table 47.



Table 4

Summary of Regression Analysis for two-year statistics
for forwards pricr to entry into

the MBA.

Coefficients Table

BLOCK 0003627 Aeinii

FGP 705 2.140 .033

TURN -0.01922 012 -.196

o ot e o

ASET 21.13 08 246

MIN -0.001758 .002 -.015
*D =06,

The statistical analysis of players at center position
produced neither a significant ovearall regrassion scora
nor significant beta scores for the e-year data.
Discussion

The purpose of this study was to identify the
relationship  between  selected  pre-MNBA  carear
statistical variables and the careser longevity of players,
measurad as number of seasons in the NBA. The overall
regression employing guards’ 1-year statistics revealad
an E score of L4937, The B2 was (104, meaning 10.1% of
the wariation in career longevity is explained by the
differences in points, assists, and turncwers. Among
forwards, the overall regression score was .44, with an
E? of .20z, meaning zo.2% of the variation in career
longevity iz explained by the differences in field goal
percentage, free throw percentage, and assists.

First Research Question
Cuards

With respect to the first ressarch question, the study
found that, statistically, assists, points, and turnovers
were significantly related to guards’ longevity in the
MNBA  Similarly, field goal percentage, free throw
percentage, and assists were found to be significantly
related to forwards’ longevity in the MNBA. Thase results
tend to support the evaluation process currently used



by MBA tearns to select guards and forwards. Guards are
players who control the tempo of the game, protect the
basketball, and run a team’s offense. At the guard
position, then, assists and turnovers are important
factors, as the regression demonstrated. Scoring (2.,
points) was also shown to be important with former
college guards going on to long careers in the IMBA.
Turnowers, too, are important at the guard position,
bacause guards control the basketball on offense. Each
turnover indicates lack of continuity during a game that
can largaly be attributed to those team members who
control the basketball (Zak, Huang, & Sigfried, 1070].
The data demcnstrate that every possession s
important in basketball, and guards are in control of the
ball. Moreowver, the significance of assists, also
actablished by the data, can be attributed to the fact
that, in running the offense, guards create scoring
cpportunities for teammates. Assists highlight aspects
of ball handling and teamwork, as well as a positive
contribution to output (Zak et al., 1070). Turnovers and
assists were expected to be significant indicators of
carear longevity among  guards; points were an
additional statistical category that prowed significant,
for the reasen that, on most MBA teams, shooting
guards are called upon to be point scorears.

Forwards

For players at the position of forward, those basketball
activities measured in the field goal percentage, fres
throw percentage, and number of assists proved
statistically significant during the present study’s
regression analyses. Such findings no doubt reflect the
fact that some forwards, called power forwards, play
with their backs to the basket, while others, known as
small forwards, play more like guards. As demonstrated
by the statistically significant data obtained here for
field goal percentage, free throw percentage, and
agsists, basketball forwards must be wery wversatila
plavers. They must shoot well, play aggressively
encugh to reach the free throw line thus placing the
cpponent in “foul trouble,” and pass just as effectively
ags guards in order to inveolve teammates in play.
Forwards clearly, from a statistical standpoint, play an
integral role in MBA contests,

High fisld goal percentages and free throw percentages
are an important contribution to team output and have
impact on the game (Zak et al., 1070, With other
factors held aequal, the batter a team shoots the ball, the
larger its cutput; fiald goal percentage suggests how
afficiantly a team shoots (Zak et al., 1079). The study
data thus suggest a need for NBA forwards to be vary
efficiant and accurate players. They are asked to do
many things on the basketball court, at diffsrent times.
In terms of their skill at assists, small forwards must be
vary wersatile and must share some of the same skill
gets as guards, becoming play makers on occasion.
Assists—highlighting as they do aspects of ball handling
and teamwork (Zak et al., 1g97gi—thus constitute a



sigruficant indicator of NBA caresar longevity.,

Centers

Unlike the data for forwards and guards, the data for
canters in the present study produced no significant
results. This may be attributable to the number of
subjects in the study. The number of centers playing in
the NBA has decreased ower the vears, a fact reflected in
the minimal number of cantars in this study (I = g4,
Both the guards and the forwards studisd here
numberad about twice the center subsample.

Second Fesearch Question

Guards

With respect to the second research question, the
findings of analyzes of the =-year data show NBA carear
longewvity to be predicted by certain basketball
activities to a statistically significant degres. A
significant regression equation was found (R = .qéz, B2
of .213) for plavers at the guard position: =1.9% of the
variation in MBA career longewvity among guards is
explained by the differences in points, assists,
turnovers, and steals. In analyzing steals reccrded by
guards, adding an additicnal year of collegiate statistics
produced a significant result. A measure of a playar’s
defensive ability, steals represent a change in
possession (Berri & Brook, 1090). Because guards play
the passing lanes on dsfense and apply defensive
pressure on the perimeter, thiz statistic should be
significant among guards.

Forwards

For the z-year data on the NBA forwards, the owverall
regrassicn modal did not prove significant; howeswer,
two wvariables, assists and rebounds, did prove
significant. It is of special interest that the rebound
statistic achieved significance with the 2-year totals but
not with the 1-year data. Febounding iz important to
scouts, bacause its impact is seen in each game, as well
as on the individual player (Zak 2t al., 1975). When a
team cutperforms an opponent in terms of rebounding,
its chance of victory increases (Zak st al., 19700, Each
rebound a team obtains represents a gain of possassion;
defensive rebounding indicates how frequently an
cpponent fails to convert a possession (Berri & Brock,
1000). Assists, as has been discussad in terms of the first
ressarch question, highlight aspects of both ball
handling and teamwork and make a  positive
contribution to output (Zak et al., 19700,

Centers

In the analysis of =-year data from the position of
canter, no statistics reached the level of significancs,
nor was the overall regression model significant. 4s in
the case of the first research question, this finding can
be attributed to the size of the sample of NBA centars.

Position-Based Differences
It is believed that the three positions (guard, forward,



canter) gensrated wvery different analytical results
because they serve very different purposes in the game.
At the guard position, assists, steals, turnovers, and
points were significant  indicators of NBA career
longevity, bacausse the guard position most lends itself
to the keeping of such statistics. Guards are quick, agils,
varzatile, athletic  players  with  extremely  high
basketball I0s. In terms of statistics-keeping, they find
themselves involved in many aspects of a basketball
game. The nature of the position requires guards to be
proficient in a number of categories, and their
proficiency iz easzily withessed by scouts, coaches,
commentators, and fans. Guards impact on the game is
readily quantified and measured by statistics.

The present study suggests that for forwards, in
contrast, it would be difficult to predict MBA longewity
using collegiate statistics. The position of forward is
probably the most difficult from which to retrieve
statistical data. For instance, in the NBA forwards are
asked to play dual roles, with the position broken down
into the small forward and the power forward. The small
forward must be a fundamentally sound offensive and
defensive player possessing some of the same skills that
point  guards and shooting guards possess. Small
forwards must be able to pass the basketball, enabling
tearmates to score, as well as be able to score points
themselves. Power forwards, on the other hand, are
asked to play more like centers: They are the muscle of
the team, playing strong inside, rebounding, and
providing defense, though not relying on extreme
quickness and athlstic ability., While the results for
forwards in this study are very difficult to assess, the
results  are understandable from a  baskethball
standpoint.

Relative to guards and forwards, centers’ parformance
ig lass easily measurad with statistics. The reason is that
the tasks falling to centers are frequently among the
intangibles of the game. At center, the player who can
demand the attention of the opposing defense possesses
a relatively great capacity to set up his teammates. This
cannot always be measured with statistics, since the
center can set up ancther player without having the
basketball. In additicn, centers who can face the
cpponent’s defense and play with their backs to the
basket create numercus problems for the defense that
cannot be measured statistically. Centers are usually
proficient at blocked shots, rebounds, points, and field
goal percentage. Good centers also drive a defense to
“play honest,” preventing teams from overextending on
the perimetar and forcing double teams. Furthermeors,
successtul centers are physical and maintain good
position while boxing out. Neither of these things can be
measurad with statistics, but both are essential to a
team’s success. The intimidation factor of a 7-ft player
may not show up in box scores either, but being able to
tap that factor to alter cpponents’ shots (if they cannct
be blocked) is wery important to success at the canter



position.

Batwaen 1083 and 1087 a number of elite centers
moved from the college ranks to the MBA, including
Ralph Sampson, Hakeem Olajuwen, Patrick Ewing, Brad
Daughsrty, and David REobinson (Luft, zooi1). These
centars weare drafted by the MBA in the 1080s. Since
that decade, howewver, the only canters drafted during
the top pick were Shaquille O'Meal, Michasl Olowckandi,
Yao Ming, and, most recently, Greg Oden (Luft, zoo1).
There appear to be far fewer true centers in the NBA
lately, leading to statisties” inability, in this study, to
measure paerformance at the center position. The lack of
traditicnal centers may be a result of the increasingly
supericr quality of basketball athletes. As they become
quicker, more versatile, more athletic generally, thosa
who might have bacome centers can instead play power
forward. The centar position is thus left to a small group
of players who are relatively nonproductive,
statistically speaking, and thus canncot be measurad in
the same way as forwards and guards (Luft, 2oo1).

Implications for General Managers

While the results of this study suggest that collegiate
statistics offer little predictive power in terms of
canters’ MBA career longewity, they also show that
some  statistical categories used by the MNBA are
pradictors of the longevity of players at the guard and
forward positions. The implication of the data analysis
is thus that statistics, when used to augment scouts’
customary analysis of videotapes, should wield a sound
assessment of a prospective player’s potential. Scouts
typically prefer to observe an athlete in person to get a
batter feal for the athlete’s game and to note physical
aspacts of the athlete that may not appear on tape or in
statistics. However, bacausea it is a fact that players can
go hot or cold on any given night, scouts should also
acknowledgze the extreme importance of statistical
analysis. Statistics in basketball offers a powerful tocl
for avoiding bad player selections, although it is
important always to remember that statistical analysis
is one tool, not the ultimate word on player quality.

By gathering as much statistical information about a
plaver as possible, a scout or ganeral manager can make
an informed decision supported by numbers, not reliant
zolely on emotion or other subjective criteria. Statistics
may, firthermore, make it possible to  identify
undervalued skill sets offered by players at certain
positions. In short, statistical analysis has a place in
plaver evaluation strategies aimed at efficient use of
draft chodcas and money.

Conclusions and Recommendations

A review of the literature shows the basketball scouting
and playver evaluation process leading to the NBA draft
to be a difficult process and one that could benefit from
more information in the form of statistical analysis. The
data in the present study demonstrate that there iz a



relationship  betwesn  collegiate  play  described
statistically and career longewity in the WBA, as follows:

o Assists, turnovers, and points recorded by
guards over the year of college basketball play
immediately preceding entrance into the NBA are
related to MBA career longevity.

o Asgszists, steals, turnovers, and points recorded by
guards over = years of college basketball play
immediately preceding entrance into the NBA are
related to MBA career longevity.

o Field goal percentage, fras throw percentags, and
agsists recorded by forwards owver the year of
college basketball play immediately preceding
entrance into the NBA are related to career
longevity in the NBA.

o Asszists and rebounds recorded by forwards over
o yvears of college basketball play immediately
preceding entrance into the NBA are related to
career longevity in the NBA.

o The results of thiz study show a relationship
batwaan basketball’s statistics categories and
MBA caresr longewity, but more work is needed
to fully undsrstand the predictive mechanism
and provide gensral managers with more precise
information. In addition, future studies should
seek out data for the years prior to 1087-88 and
following =zoo1-oz, to begin to track historical
trends in the relationship.
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